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Table 1 Major periods of the maximum and minimum temper— 24.48.72 h
ature of the main national stations in 13 cities and ) . 1)
prefectures of Gansu Province d l 3
24 h 48 h 72 h CMA 3 CMA
22 14 22 23 22 21 CMA
30 13 23 20 2% 23 . 2)
29 18 20 21 26 25
27 22 24 24 24 24
15 23 24 24 25 24 72 h
14 10 12 13 25 24 63% ~ 73% 72% ~
21 17 28 27 30 28 77%:
15 13 30 28 32 31
13 12 14 15 32 31 o 3)
22 14 14 15 40 39
14 10 10 10 36 38
21 6 20 21 30 31
30 25 27 15 37 32 24 h
23 5 26 25 30 29 1% 48.72 h 3% ~4%:;
48
78 h o 1.5%.
3~30d
2 3 24.48.72 h N

Table 2 Mean absolute error forecast accuracy and correction skills

forecast products

of 24 48 72 h maximum and minimum temperature for three

/h /C /C 1% 1%

CMA 1.76 1.67 65. 80 68. 00
1.53 1.36 73.40 77.50 13.07 18. 56
24 1.55 1.38 72.50 717.00 11.93 17.37
1. 54 1.36 72.90 77.70 12. 50 18. 56

CMA 2.10 1.78 57.90 64. 60
1. 80 1.49 67.20 73.20 14.29 16. 29
* 1.93 1.50 63.30 73.70 8.10 15.73
1.90 1.46 64.10 74.70 9.25 17.98

CMA 2.26 1. 84 54.80 62. 50
1. 96 1.55 63.50 71. 80 13.27 15.76
e 2.10 1.57 59.10 71.10 7.08 14. 67
2.08 1.55 59.70 71.50 7.96 15.76
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Fig.3 Spatial distribution of 24 h prediction accuracy of maximum temperature: ( a) CMA; ( b) urban forecast; ( ¢) sliding training

correction products; ( d) optimal fusion products
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Fig.4 Spatial distribution of 24 h prediction accuracy of minimum temperature: ( a) CMA; ( b) urban forecast; ( ¢) sliding training

correction products; ( d) optimal fusion products
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Application of objective prediction method based on wavelet analysis in in—
telligent grid high and low temperature prediction

LIU Xinwei' DUAN Bolong' HUANG Wubin' DUAN Mingkeng® LI Rong'
DI Xiaohong' WEI Sujuan’

'Lanzhou Central Meteorological Observatory Lanzhou 730020 China;

2Collaborative Innovation Center on Forecast and Evaluation of Meteorological Disasters ( CIC-FEMD) /Key Laboratory of Meteorological Disaster
Ministry of Education ( KLME) /Joint International Research Laboratory of Climate and Environment Change ( ILCEC) Nanjing University of Infor—
mation Science & Technology Nanjing 210044 China;

3Gansu Academy of Eco-environmental Sciences Lanzhou 730020 China

Based on the 2017—2018 high-resolution numerical forecast products of China Meteorological
Administration ( CMA) real-time urban forecast products of Gansu Province and data of national ground-based
observation stations the intelligent grid high and low temperature objective correction products of Gansu Province
are developed by using wavelet analysis sliding training optimal fusion and other technologies. The test results
show that the three correction products (urban forecast products sliding training correction products and optimal
fusion products) have the ability to correct CM A forecast and the maximum temperature correction ability of the
three objective correction products is stronger than the minimum temperature correction ability.The prediction re—
sults of the high and low temperature correction products produced by the sliding training method and the optimal
fusion method are better than those of the model objective prediction in the areas with obvious systematic errors
( Gannan Longnan etc.) while the high and low temperature urban prediction products have advantages in the
areas with strong temperature localization or poor model objective prediction ability.The prediction ability of the
high and low temperature products generated by the optimal fusion prediction method is slightly higher than that
of the sliding training correction products and is basically the same as that of the urban prediction products pro—

duced by the existing forecasters which initially has the ability to replace the subjective prediction.
intelligent grid; wavelet analysis; temperature correction
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