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Utilizing routine hourly meteorological data of Xinjin Airport and daily average PM, 5 concentration data for Chengdu, winter
visibility characteristics at Xinjin Airport between 2013 and 2017 and their relationship with meteorological conditions and
particulate matter were analyzed. Between 2013 and 2017, the average winter visibility in Xinjin Airport was lowest in January,
followed by that in December. The occurrence frequency of haze days in winter was much higher than that of nonhaze (clean)
days, being 90.2% and 9.8%, respectively. These were mainly mild haze days, with an occurrence frequency of 44.4%, while severe
haze days occurred the least, with a frequency of 7.7%. The linear and nonlinear relationships between winter visibility, me-
teorological factors, and PM, 5 were measured using daily data in winter from 2013 to 2016. The linear correlation between PM, 5
concentration and visibility was the most evident, followed by that of relative humidity. Visibility had a higher nonlinear
correlation with PM, 5 concentration, relative humidity, and dew point depression. When relative humidity was between 70% and
80%, the negative correlation between visibility and PM, 5 concentration was the most significant and could be described by a
power function. The multivariate linear regression equation of PM, 5 concentration and relative humidity could account for 65.9%
of the variation in winter visibility, and the multivariate nonlinear regression equation of PM, 5 concentration, relative humidity,
and wind speed could account for 68.1% of the variation in winter visibility. These two equations reasonably represented the
variation in winter visibility in 2017.

1. Introduction

With the rapid development of industry and transportation
in China, the emission of human-induced air pollutants has
intensified. Haze is a type of weather phenomenon, in which
many dusts, smoke, or salt particles are suspended in the
atmosphere. These particles make the air turbid and can
reduce the horizontal visibility to below 10km. Haze
weather has become a considerable area of concern [1]. Low
visibility caused by haze is an important meteorological

element that directly affects not only the health and life
quality of people, especially in developing countries, but also
rail, road, maritime, and air traffic safety [2-4].

The characteristics and influencing factors of visibility
have attracted worldwide attention, and many studies have
been made to discuss the trend of visibility at local, regional,
continental, and global scales [4-10]. Wang et al. [10]
studied the change of clear sky visibility over land, globally,
between 1973 and 2007, revealing that, since the mid-1980s,
developed regions such as Europe and North America
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displayed a general increasing trend in visibility, while a
substantial decreasing trend was observed in South and East
Asia, South America, Australia, and Africa. In the megacities
of Chicago, Los Angeles, and New York, visibility gradually
improved, reaching a very high level from 1973 to 2015 [11].
Conversely, from 1974 to 2018, a significant loss of visibility
was observed in East African [12]. In India, during the
period of 1961-2008, visibility decreased [11, 13]. Over
southwest Germany, a distinct decrease in visibility was
measured, from 45 to 25km [14]. Since the 1950s, the
visibility in the United Kingdom has improved [15], with
major improvements observed after the 1973 oil crisis [5]. In
Central Europe, the generally low visibility was a conse-
quence of emissions from human activities [16].

Many studies have been carried out on the trends in
visibility and its influencing factors in China, primarily
focusing on rapidly developing megacities and polluted
areas, such as Beijing, Shanghai, Guangzhou, Southeast
China, the Yangtze River Delta, and the Pearl Delta region
[17-27]. Visibility in the 31 provincial capital cities in China
declined markedly between 1973 and 1986, plateaued be-
tween 1987 and 2006, and increased slightly after 2007 [28].
The long-term trend in visibility change indicated a pro-
gressive degradation in air quality in Baoji from 1980 to 2012
[29]. Located in southwest China, the Sichuan Basin is one of
the most populous regions in China and is recognized as a
significant haze region, with visibility less than 10 km since
the 1970s [30].

Atmospheric visibility is a complex issue, caused by
the scattering and absorption of light by particles and
gases. It is affected by the concentration, size, and
composition of particulate matter (PM) and meteoro-
logical factors [31]. Many studies have shown the con-
nections between atmospheric composition and visibility
[32-38]. Visibility is particularly influenced by PM, s
(particles with an aerodynamic diameter < 2.5 ym) [39].
PM, 5 contributed 34.2% of the light extinction coefhi-
cient, followed by (NH,),SO, (30.0%) [29]. The major
components of PM, s, including sulfate (SO4) and ele-
mental carbon, ammonium (NH,), nitrate (NO3), and
soils (crustal minerals), are the main factors contributing
to light absorption and scattering [40]. Most aerosols are
hygroscopic, and aerosol particles absorb water, leading
to increased size and increased light scattering, which
lead to reduced visibility [41].

The relationship between meteorological parameters
(e.g., relative humidity (RH), temperature, wind speed, and
wind direction) and visibility is linearly (nonlinearly) cor-
related [42-45]. These parameters influence the sources and
sinks of trace gases and aerosol particles in the atmosphere
and affect visibility. Higher temperatures can influence the
production of secondary organic aerosol particles. Wind can
lead to a cleaning effect by replacing polluted air with cleaner
air, and high wind speed can resuspend dust particles and
generate sea spray aerosol particles. RH is strongly negatively
correlated with visibility, and it affects the hygroscopic
growth of particles to increase the scattering efficiency,
which can directly reduce visibility and influence the size
and composition of aerosol particles [46].
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Considering the influences of air pollutants and mete-
orological factors on visibility simultaneously, in Chengdu,
the largest city in southwest China, high RH and a large
ammonium sulfate loading were the main factors causing
visibility degradation when visibility was lower than 1.5 km
[40]. Chen et al. [30] demonstrated that high RH and the low
wind speed increased the occurrence of low visibility events
under high PM,;, concentrations in Chengdu and
Chongging. Wen et al. [43] indicated that air pollutant
concentrations significantly influence visibility and that
wind speed is an important meteorological parameter that
affects atmospheric turbidity through the diffusing of air
pollutants. Lin et al. [20] focused on the effects of meteo-
rological conditions and suspended particles on visibility in
Beijing; due to the high RH, summer had the lowest mean
visibility; during the 2008 Olympics, the blue-sky hour rate
increased significantly when the mean PM,, index (in the
form of the ambient air pollution index) reduced to 53, and
RH (aerosol) contributed 24% (76%) of the improvement in
visibility.

Fireworks and bonfires have been shown to have sig-
nificant short-term impacts on visibility [47-49]. They are
used during religious and cultural festivals, as well as in large
sporting and other events. They raise pollutant concentra-
tions (such as PM, s, PM;,, and NO,) during and imme-
diately after the firework or bonfire event, resulting in a
short-term impact on visibility. Secondary inorganic species
are dominant fractions of PM, 5 [47], and wet aerosols cause
greater light scattering than dry aerosols.

The impact factors affecting atmospheric visibility vary
between different regions, with the influence of RH, wind
speed, and PM, 5 being the most prominent. In this study,
the factors influencing visibility at Xinjin Airport were
analyzed. Xinjin Airport is affiliated with the Xinjin Flight
College of the Civil Aviation Flight University of China
(CAFUC). The Xinjin Flight College of CAFUC was founded
in 1957 and is located in Xinjin County, Chengdu, Sichuan
Province, in southwest China. Xinjin Flight College has a
well-trained instructor team and reliable maintenance staff
and mainly focuses on flight training in primary teaching
aircraft, medium teaching aircraft, and the helicopter.
Surrounded by mountains and rivers, the airport is prone to
low visibility events due to high RH, especially in winter.
Due to the distinct topography and meteorological back-
ground of the Sichuan Basin, it is necessary to study the
factors influencing visibility and establish a forecast model,
which can then be used to provide an acceptable reasonable
reference for flight training.

2. Materials and Methods

As shown in Figure 1, Xinjin Airport (code ZUX]) is located
in the west of the Sichuan Basin. The automatic observation
station is 300 m from the boundary of the runway and 120 m
from the centerline of the runway.

According to the standards of the Civil Aviation Ad-
ministration of China for meteorological ground observa-
tions, the dominant visibility is the maximum distance
visible to an observer within a 180° arc within the field of
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FIGUure 1: The geographical location of Sichuan Province and Xinjin Airport.

view from an observation platform and is measured by using
reference features, such as buildings, lights, and mountains,
located in different directions. At Xinjin Airport, a forward
scatter visibility meter (Vaisala Corporation, Finland) ac-
curately reflects the meteorological optical range (MOR) in
the direction of the runway, which is based on the mea-
surement of the atmospheric extinction coeflicient or at-
mospheric light attenuation coefficient. At Xinjin Airport,
the artificial observation platform is situated on the roof of a
building, approximately 10 m high, located near the runway.
In this study, hourly observations were conducted by an
observer, who stood on the observation platform and looked
towards the surrounding reference features. They recorded
the visibility in all directions, calculated the dominant vis-
ibility, regarding the MOR value of the forward scatter
visibility meter, made adjustments within a certain range,
and then determined the dominant visibility.

Hourly data for a range of meteorological factors, in-
cluding temperature, air pressure, RH, wind (wind direction
and wind speed), and clouds (cloud type, cloud cover, and
cloud height), were collected and processed using an au-
tomatic weather observation system, developed by Beijing
Metled Information Technology Co. Ltd (METLED), located
in the automatic observation station at Xinjin Airport. The
observation period was from 8:00 am to 8:00 pm, equating a
total of 13 hourly data points. The hourly meteorological
data and manual visibility data were representative, accurate,
and comparative and contribute to information exchange
between the national civil aviation and meteorological
departments.

Air quality data were collected from eight national air
quality monitoring (AQM) sites in Chengdu, for the period
from January 1, 2013, to December 31, 2017, and the location
of Chengdu is labeled in Figure 1. The mean air pollutant
concentrations of Chengdu were calculated by averaging the

mass concentrations at all national AQM sites [50]. Daily
average concentrations were published following quality
assurance and control procedures of the Sichuan Ecological
Environment Monitoring Centre, based on the Technical
Guideline on Environmental Monitoring Quality Manage-
ment HJ 630-2011 (http://kjs.mep.gov.cn) [51]. The daily
average concentration of PM, s was recorded in ug/m”.
According to the common seasonal division basis of me-
teorology, winter is defined from December to February of
the following year.

The daily mean meteorological data were calculated by
averaging the 13 hourly data points. To investigate trends in
visibility and the influence of atmospheric aerosol particles
and meteorology on visibility, the daily mean mass con-
centration of PM, 5 and the daily mean meteorological data
were analyzed.

Obstruction to vision, caused by precipitation, sand-
storms, blowing sand, floating dust, smoke, blowing snow,
snowstorms, high humidity (RH =90%), and other weather
phenomena, was eliminated by using a weather phenome-
non code during data processing to remove the influence of
meteorological factors [22]. The maximum visibility in this
study is 10000 m; according to the civil aviation meteoro-
logical observation standard, the visibility is greater than or
equal to 10000 m, and the value is recorded as 10000.
According to meteorological standard [52], haze is classified
into four levels based on visibility (VIS): slight haze
(5000 m £ VIS < 10000 m), mild haze
(3000 m £ VIS < 5000 m), moderate haze (2000
m £ VIS <3000 m), and severe haze (VIS <2000 m). The day
with the visibility greater than or equal to 10000 m is defined
as a nonhaze (clean) day.

In this study, the characteristics of the winter visibility at
Xinjin Airport between 2013 and 2017 were explored
through a comprehensive analysis of meteorological and
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environmental factors comprehensively using correlation
analysis. Multivariate linear and nonlinear regression
equations were established based on the analysis of the linear
and nonlinear correlation between each factor and visibility
for the period of 2013-2016. The accuracy of these estab-
lished equations was tested using 2017 data, and then some
theoretical guidance for the prediction of the winter visibility
in Xinjin Airport was provided finally.

3. Factors Influencing Visibility

3.1. Characteristics of Visibility at Xinjin Airport. The average
winter visibility at Xinjin Airport between 2013 and 2017 was
5778.8 m. The average visibility in December (5412.1 m) and
January (4976.6m) was lower than the mean value. The
average visibility in February was 7008.2m, which was
significantly higher than the average winter visibility.

Figure 2(a) shows that the occurrence frequency of se-
vere haze did not change substantially in the winter during
the period of 2013-2017. The highest frequency was 11% in
2016, followed by 9% in 2015, while the frequencies in other
years were similar to each other. The occurrence frequency
of moderate haze showed a decreasing trend, with an
anomaly of 33% observed in 2016. The minimum frequency
of moderate haze was only 2% in 2017. The frequency of mild
haze showed an increasing trend with a peak frequency of
33% in 2017 and a minimum of 19% in 2015. The frequency
of slight haze was increasing year by year and was the largest
of the four levels, exceeding 30% in each year. The maximum
frequency of a slight haze was 61% in 2015, and the mini-
mum was 32% in 2016. A distance of 5000 m is an important
critical value of visibility due to the particular characteristics
of the flight training subject at Xinjin Airport. The occur-
rence frequency of haze days decreased slightly when the
visibility was less than 5000 m, and the maximum frequency
was 68% in 2016, followed by 60% in 2013. The minimum
frequency was 39% in 2015. The decreasing frequency of
haze days corresponded to an increase in visibility, allowing
flight training on more days. As shown in Figure 2(b), the
average monthly winter visibility during the period of
2013-2017 showed a generally increasing trend. Corre-
sponding to Figure 2(a), the average visibility was 4361.2 m
in 2016 and 4746.4 m in 2013, and both values were less than
the average annual value (5778.8 m). A series of measures
have been taken to promote environmental protection in
Sichuan Province in recent years. Air pollutant emissions
significantly decreased following the large-scale shutdown of
the unqualified factories. Thus, particulate matter concen-
trations reduced, and overall visibility increased obviously in
2017.

Table 1 shows the number and frequency of different
levels of pollution days at Xinjin Airport in winter during the
period of 2013-2017, as well as the corresponding average
visibility, RH, and PM, 5 concentration. There were 303 haze
days and 33 nonhaze days in total during the period of
2013-2017. The frequencies of haze days and nonhaze days
were 90.2% and 9.8% respectively, which showed that the
occurrence of haze days was much larger than that of
nonhaze days. Slight haze days occurred the most, for a total
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of 150 days (44.4%). The number of severe haze days was the
lowest, only 26 days (7.7%). Exacerbated by pollution, av-
erage humidity increased from 64.9% for slight haze to 82.1%
for severe haze, and the corresponding PM, 5 concentration
increased significantly from 83.1 yg/m’ to 208 ug/m’. High
RH promotes the hygroscopic growth of fine particles, in-
creasing the extinction effect of particles and reducing
visibility [46]. The average PM, 5 concentrations for nonhaze
days, slight haze days, and mild haze days at Xinjin Airport
were relatively similar to those in Wuhan, while average
concentrations for moderate haze days and severe haze days
were 20 and 50 yg/m” higher at Xinjin Airport, respectively,
highlighting geographical differences [53].

The wind rose diagram of mean winter visibility
(Figure 3(a)) shows that easterly wind (E) and east-south-
easterly wind (ESE) occurred the most during severe haze
days, with a frequency less than 10. In moderate haze days,
the dominant wind directions were ESE, E, and east-
northeasterly (ENE), with a corresponding frequency of
more than 10. The frequency of north-easterly wind (NE),
south-southeasterly wind (SSE), westerly wind (W), and
southerly wind (S) was relatively low, with each recorded less
than 10 times during the study period. In mild haze days, the
dominant wind direction was E, with a frequency of more
than 30. The wind directions ENE, ESE, and south-easterly
(SE) were recorded approximately 20 times, while the S wind
was recorded less, on approximately 10 times. In slight haze
days, ESE and E winds were recorded the most, on ap-
proximately 50 to 60 times, followed by SE, S, and SSE winds.
NE wind was recorded more than 20 times, while south-
southwesterly (SSW) and south-westerly (SW) winds were
recorded approximately 10 times.

As shown in Figure 3(b), when the wind speed was less
than 0.5 m/s, the prevailing wind directions were ENE, NE,
E, and SE, with corresponding times between 10 and 20.
When the wind speed was 0.5 to 1 m/s, the prevailing wind
direction was E, ESE, ENE, and NE, with a corresponding
frequency between 30 and 40; S wind direction was recorded
less, with a frequency of 10 times. When the speed was 1 to
2m/s, ESE wind was most frequent, occurring more than 50
times, followed by SE, S, and SSE winds, which occurred
approximately 30 times each. The ENE wind also occurred
more than 30 times, while SW and SSW winds were recorded
approximately 10 times. When the speed was 2 to 3m/s, E
wind was recorded most frequently, occurring more than 50
times, followed by SE, SSE, and S winds, which each oc-
curred approximately 30-40 times; SW, SSW, and W winds
occurred less than 10 times. It was notable that the S wind
had the highest wind speeds, averaging 2.8 to 3 m/s, while W
wind averaged 2.6 to 2.8 m/s. The wind direction gradually
changed from E to S as the wind speed increased.

Based on the wind rose diagram of mean visibility and
wind speed, strong winds, greater than 2m/s, and high
visibility occurred most frequently in a SE and E directions.
In these directions, as the wind speed increases, the visibility
increases significantly. When the visibility was less than
2000 m or greater than 5000 m, the prevailing wind direc-
tions were both E and ESE, which indicated that the effect of
wind direction on visibility at Xinjin Airport was not
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FIGURE 2: Frequency of different intensity levels of haze days (a) and the monthly mean winter visibility (b) between 2013 and 2017 in Xinjin

Airport.

TaBLE 1: Visibility, relative humidity, and PM, 5 concentration under different levels of haze days in Xinjin Airport in winter from 2013 to

2017.

Pollution level =~ Number of days (d)  Frequency (%)

Average visibility (m)

Average humidity (%)  Average PM, 5 (ug/m?)

Severe 26 7.7
Moderate 48 14.2
Mild 79 23.4
Slight 150 44.4
Nonhaze 33 9.8

1588.8 82.1 208.0
2566.7 78.5 155.6
3963.1 75.2 126.6
7649.7 64.9 83.1
10000.0 60.0 50.0

obvious. Statistical analysis of wind at Xinjin Airport in-
dicated that the prevailing winds were northerly wind (N)
and S throughout the year. N winds were usually the result of
the cold air moving southward and were generally accom-
panied by precipitation. The data of obstruction to vision
caused by precipitation was eliminated in the preliminary
work; therefore, the occurrence frequency of northerly
winds was small overall.

3.2. Analysis of the Factors Influencing the Visibility

3.2.1. Linear Correlation Analysis. The impacts of meteo-
rological and environmental factors on visibility were an-
alyzed. Figure 4 shows the relationship between daily
average temperature, air pressure, RH, dew point depres-
sion, wind speed, PM, s mass concentration, and daily av-
erage visibility at Xinjin Airport in winter between 2013 and
2016.

As shown in Figure 4(a), there was a positive correlation
between temperature and visibility; however, the correlation
coefficient was 0.036 and was not significant at the 99%
confidence level. The coefficient between air pressure and
visibility was 0.147 and was significant at the 99% confidence
level (Figure 4(b)). Figure 4(c) indicates that the visibility

decreased as RH increased; the correlation coeflicient was
-0.65 and was significant at the 99% confidence level. Vis-
ibility increased as the wind speed increased (Figure 4(d));
the correlation coeflicient was 0.28 and was significant at the
99% confidence level. An increase in wind speed raises
upward transmission from the ground, causing air to mix
and destroying the static stability of the atmosphere.
However, increased wind speed promotes pollutants diffu-
sion; therefore, pollutant concentrations decrease and vis-
ibility increases [53]. There was a positive correlation
between visibility and dew point depression (Figure 4(e)).
The correlation coefficient was 0.615 and was significant at
the 99% confidence level. The correlation coefficient between
visibility and PM, 5 mass concentration was 0.668 and was
significant at the 99% confidence level (Figure 4(f)). As the
most prominent factor affecting winter visibility, an increase
in PM, s mass concentration caused significant decrease in
visibility.

Overall, winter visibility at Xinjin Airport was most
closely relevant to PM, 5 concentration, followed by RH and
dew point depression. The relationship between visibility
and air pressure and temperature was relatively weak, which
was consistent with that observed in Nanjing [54]. The
correlation coefficient between visibility and wind speed was
also high, which was consistent with the previous studies
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FIGURE 3: The wind rose diagrams of mean visibility (a) and wind speed (b).

[27, 43]. At Xinjin Airport, the contribution of thermal
factors such as RH was much larger than that of the dynamic
factors, such as wind speed, which was consistent with the
results of Chen et al. [30], where lower visibility in
Chongqing was influenced the most by high RH among all
factors investigated.

Figure 5(a) shows the impact of RH and PM, 5 con-
centration on visibility. There was a negative linear corre-
lation between visibility and RH in all kinds of haze days. The
linear correlation coeflicients were all at the 95% confidence
level, except for moderate haze days. The correlation coef-
ficient for severe haze days was —0.44, the greatest of all,
while the P-value was 0.02, slightly lower than those for the
mild and slight haze days, which were 0.008 and less than
0.001, respectively. The impact of RH on visibility was
complex under high humidity conditions. The impact of RH
on visibility changed with different levels of air pollution
[24].

As shown in Figure 5(b), there was a negative linear
correlation between visibility and PM, 5 concentration in all
kinds of haze days. Except for moderate haze days, the linear
correlation was all at the 95% confidence level. For slight and
mild haze days, the correlation was at the 99.9% confidence
level, which indicated that the direct impact of PM,;
concentration on high visibility and low visibility was very
significant.

Overall, the linear correlation between PM, s concen-
tration and visibility was higher than that of RH in all kinds
of haze days. The correlations between visibility and RH and
PM, 5 mass concentration were relatively lower in moderate
haze days.

3.2.2. Nonlinear Correlation Analysis. Previous studies have
suggested that there are nonlinear correlations between
visibility and RH, PM, 5 concentration, and wind speed [45].
In Guangzhou, in Southeast China, there was a power
function relationship between visibility and aerosol particle
concentration [55]. In the central cities of Liaoning Prov-
ince, in Northeast China, the correlation between visibility
and fine aerosol particles was logarithmic [56]. Figure 6
shows the nonlinear correlations between visibility and
PM, 5 concentration, RH, dew point depression, and wind
speed. As shown in Figure 6(a), the results were consistent
with those in Guangzhou [55]. There was a power function
with a negative relationship between visibility and PM, 5
concentration at Xinjin Airport, and the explained variance
was 46.87%. The correlation between visibility and RH
declined exponentially, and the explained variance was
45.58% (Figure 6(b)). The correlation between visibility and
dew point depression was logarithmic, and the explained
variance was 44.46% (Figure 6(c)). There was a power
function with a positive relationship between visibility and
wind speed, and the explained variance was 11.78%
(Figure 6(d)).

The correlation between visibility and PM, 5 concen-
tration varied with the changes of RH [53]. Figure 7 shows
the nonlinear regression of visibility and PM, 5 concentra-
tion under different RH conditions. At the same PM, 5
concentration, visibility decreased when RH increased. In
high humidity and low PM, 5 concentration, and vice versa,
visibility could be the same, which showed the synergistic
effect of PM, 5 concentration and RH on visibility. When the
concentration of PM, 5 was less than 100 yg/m’, visibility
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FIGURE 4: Relations between visibility and temperature (a), air pressure (b), relative humidity (c), wind speed (d), dew point depression (e),

and PM, 5 concentration (f).

increased sharply with a decrease in concentration. How-
ever, when the value was greater than 100 ug/m”, the change
in visibility slowed significantly. Therefore, when the con-
centration of PM, 5 was lower than 100 ug/m?, visibility
improved perceptibly at Xinjin Airport. The critical

concentration value varied in different places. For example,
it was approximately 50 ug/m’ in Beijing and Guangzhou
[55] and 30 yg/m® in the central area of Liaoning Province
[56]. The critical value at Xinjin Airport was comparatively
higher.
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Table 2 shows that there were significant negative cor-
relations between visibility and PM, s concentration under
all RH ranges, with correlation at the 99% confidence level.
The coeflicient was highest (0.755) when the RH range was
70% < RH < 80%. When the range was 80% < RH < 90%, the
value was 0.670. The correlation coefficients were weaker
when the ranges were RH < 60% and 60% = RH < 70%. There
were regional differences in the same range of RH. The
correlation was the strongest when the range was 80% <
RH < 90% in Wuhan [53], while it was 70% £ RH < 80% in
Beijing and Guangzhou [55].

3.2.3. Multivariate Linear and Nonlinear Correlation.
Based on the above correlation analyses, different combi-
nations of the various meteorological and environmental
factors were fitted with visibility. The explained variance of
the linear fit for visibility and PM, 5 concentration was
44.6%, and that for RH was 42.3%. As shown in Table 3,
when PM, 5 concentration and RH were fitted together with
visibility, the explained variance reached 65.9%. Dew point
depression and RH are physical quantities of water vapor
saturation and are collinear. When the influence of PM, 5
concentration, RH, and dew point depression on visibility
was taken into account, the P-value of the t-test of dew point
depression was 0.457, which was much higher than the

VIS = 17009.236 — 1356.814PM2.5%%

The R* value was 0.681 at the 99% confidence level.
The combination of the three factors could explain the
change in visibility by 68.1%, which was better than the
result of the multivariate linear regression equation.

critical value 0.05. Therefore, dew point depression was
eliminated from the multivariate linear fit. Temperature and
wind speed were fitted with PM, 5 concentration and RH,
and the corresponding explained variances were 66.4% and
65.5%, respectively. These factors were not collinear, but the
P-values of the t-test of the temperature and wind speed
were 0.069 and 0.651, respectively; both were greater than
0.05. Compared with PM, s concentration and RH, the
impacts of temperature and wind speed on visibility were
not significant and were not considered in the multivariate
linear regression equation.

In summary, temperature, wind speed, and air pressure
were eliminated due to their low significance, and dew point
depression and RH were not considered simultaneously
because of their collinearity. Therefore, PM, 5 concentration
and RH were used in the multiple linear regression equation
of winter visibility:

VIS = 16657.056 — 19.691PM2.5 — 126.738RH. (1)

According to the results of the nonlinear correlation
analyses, due to the collinearity between dew point de-
pression and RH, only PM, 5 concentration, RH, and wind
speed were used in the multivariate nonlinear regression
equation of the visibility:

— 679.557¢0.026RH + 1353.76¢ %%V (2)

3.3. Verification of Regression Equation. To verify the ef-
fectiveness of the visibility estimation of each factor
combination, we used the winter observation data at
Xinjin Airport from 2017 to examine the regression
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equations. As seen in Figure 8, the correlation coefficient
between the multivariate linear and nonlinear fitting
values and the observed visibility was 0.75 and 0.76,
respectively. The variation tendency of the fitting value
was the same as the observed value.

Using the refined index of model performance de-
veloped by Willmott [57], the statistical index for the
multivariate linear model was 0.77 and 0.72 for the
nonlinear regression equation. This indicated that both
models could simulate the change of invisibility, but
visibility simulated by the multivariate linear model was
more accurate than that simulated by the nonlinear re-
gression equation. Maybe, due to the fact that various
statistical measures were taken into account in the two
statistical indices, this result of Willmott’s refined index
was different from the correlation coefficient, but both of
them could reflect the good relationship between ob-
servations and predictions.

In the winter of 2017, the average observed value for
visibility was 5983.8 m, the fitted values were 5876.6m
(linear) and 5794.2m (nonlinear), and the average

deviations were 107.3m (linear) and 189.6 m (nonlinear),
respectively. The residual errors in December, January, and
February were —40.9m (linear) and —-54.7m (nonlinear),
—840.8 m (linear), and —547.2 m (nonlinear), and 1633.1 m
(linear), and 1845.0m (nonlinear). The fitting equation
produced the best results in December, followed by those in
January, and February was the worst. Other factors could
have affected the change in visibility in February which was
not obvious in other months. Pollutant materials, such as
SO, and NO,, were not considered in this paper. However,
studies have shown that routine meteorological parameters
are important factors affecting the formation, trans-
portation, and distribution of SO, and NO, [47, 48]. As
temperature increases, the concentration of SO, and NO,
decreases [49], and this can lead to an increase in visibility to
a certain extent.

In general, the linear composition of PM, 5 concen-
tration and RH and the nonlinear composition of PM, 5
concentration, RH, and wind speed can both well esti-
mate the change of winter visibility of 2017 at Xinjin
Airport.
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FIGURE 7: Relationship between atmospheric visibility and PM, 5 concentration under different relative humidity conditions.

TaBLE 2: Quantitative relationships between visibility and PM, 5 concentration under different relative humidity conditions. Note:
**indicates that the significance level of a=0.01 has been passed.

Relative humidity Quantitative relationship R’ Correlation coeflicient
RH < 60% VIS = 56990PM, 5 472 0.341** -0.583
60% < RH < 70% VIS = 47354 PM, 5 44 0.333** -0.574
70% < RH < 80% VIS = 102894 PM, 5 %7 0.570** -0.755
80% < RH < 90% VIS = 78532 PM, 5~ *-6% 0.451** -0.670
TABLE 3: Regression equations and R*(r) with different types of factors.

. . Decisive coefficient (correlation

Factors Regression equation .
coefficient)

PM, 5, RH VIS = 16657.056-19.691PM2.5-126.738RH 0.659 (0.812)**
PM,s RH, T VIS =17752.263-19.051PM2.5-132.442RH-76.068T 0.664 (0.815)**
PM,;5, RH, V VIS =166447.836—19.541PM2.5-125.441RH+99.352V 0.655 (0.812)**

PM,s RH, V, P, T VIS =-1238.269-18.545PM2.5-130.692RH—-57.256T + 101.246V + 16.568P 0.665 (0.815)**

Note. **The significance level of a=0.01 has been passed.
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4. Conclusions and Discussion

Trends in winter visibility, and the influence of atmospheric
aerosol particles and meteorology on visibility, were ana-
lyzed between January 1, 2013, and December 31, 2017, using
daily mean mass concentrations of PM, 5 from Chengdu,
published by the Sichuan Environmental Monitoring Station
and daily mean meteorological data (e.g., temperature, RH,
wind (wind direction and wind speed), and visibility) from
Xinjin Airport. Daily mean meteorological data were cal-
culated by averaging 13 hourly data points (taken from 8:00
am to 8:00 pm) from Xinjin Airport. The hourly meteo-
rological data were collected and processed by automatic
observation equipment in the observation station at Xinjin
Airport. Visibility was determined by an observer, standing
on the observation platform and looking towards sur-
rounding reference features. The observer recorded visibility
in all directions, calculated the visibility regarding the MOR
value of the forward scatter visibility meter, adjusted within a
certain range, and then determined the dominant visibility.

Between 2013 and 2017, the average winter visibility at
Xinjin Airport was lowest in January, followed by that in
December. The occurrence frequency of haze days in winter
was much higher than that of nonhaze (clean) days, being
90.2% and 9.8%, respectively. These haze days were mainly
mild haze days, with an occurrence frequency of 44.4%,
while severe haze days were the least frequent, occurring on
7.7% of all haze days. Exacerbated by pollution, average RH
increased from 64.9% for slight haze to 82.1% for heavy haze,
and the corresponding PM, 5 concentration increased sig-
nificantly from 83.1 yg/m’ to 208 ug/m”. The average PM, 5
concentrations for nonhaze days, slight haze days, and mild
haze days at Xinjin Airport were relatively similar to those in
Wuhan, whereas average concentrations for moderate and
severe haze days were 20 ug/m’> and 50 ug/m’ higher at
Xinjin Airport, respectively, which performed a geograph-
ical difference [53].

In this study, comprehensive analysis of meteorological
and atmospheric factors using correlation analyses showed
that between 2013 and 2016, the linear correlation between
PM, 5 concentration and visibility was the most evident,
followed by that of RH, just like in Guangzhou, PM, s had a
greater influence on visibility than RH [55]. Visibility had a
greater nonlinear correlation with PM, 5 concentration, RH,
and dew point depression. When RH was between 70% and
80%, the negative correlation between visibility and PM, 5
concentration was the most significant, with the same range
as in Beijing and Guangzhou [55], and when it is 80% <
RH < 90% in Wuhan [53], the correlation could be described
by a power function.

Based on the correlation analyses, different combina-
tions of meteorological parameters and atmospheric pol-
lutants were fitted with visibility. The multivariate linear
regression equation of PM, 5 concentration and RH could
account for 65.9% of the variation in winter visibility, and
the multivariate nonlinear regression equation of PM, s
concentration, RH, and wind speed could account for 68.1%
of the variation in winter visibility. Both equations rea-
sonably represented the variation in winter visibility in 2017.
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Other factors could affect the change in visibility, such as
cold fronts. Kang et al. [58] indicated that cold fronts were
potential carriers of atmospheric pollutants and could
transport large amounts of polluted air from upstream to
downstream regions, causing a deterioration in air quality
and visibility. The distinct basin terrain and regional-scale
stationary atmosphere during winter were important factors
contributing to the accumulation of PM,s in Chengdu,
which resulted in continuous heavy pollution weather
[59, 60].
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